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Parameter Value Parameter Value
Flight speed (v) 20 m/s Buffer limit 10,000
fan 55 GHz SNR threshold 5 dB
Discount factor 0.9 Episode 2,000
Number of ..
indoor users (V) 100 Optimizer Adam
Data rate {65, 13, 195, 26, 39, 52, 585, 65} Mbps
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